Heterogeneity of types of documents How to match documents?

• Data and Issue

• Hard Disc (157 188 files)

How to match documents?

• Method: Extraction of features [Roche et al. CA'2015] 3 types of features:

-thematic features -spatial entities -temporal entities

How to match documents? How to match documents?

• (a) Extraction of features: spatial features (SF)

Model

• Global Model: SF is composed of at least one Named Entity (NE) and one variable number of spatial indicators specifying its location. SF can then be identified in two ways:

• Absolute spatial feature (A_SF) one NE with a geo-localization, such as <(spatialIndicator)*, NE of Location> (ex: the city of Constantine).

• Relative spatial feature (R_SF) one spatial with at least one SF (ex: in the south of the city of Constantine).

An R_SF is defined as <(spatial relation) 

  signal is not allowed to be used as Et il meismes en descovri son corage a Lancelot et dist que, a l'ore que la guerre commença, baoit il a tot le monde conquerre: et bien i parut, kar il fu a vint et cinc ans chevaliers et puis conquist il .XXVIII. roialmes [72d] et a trente noef ans fu la fin de son aage. Mais de totes ces choses le traist Lancelos ariere et il li mostra bien, la ou il fist de sa grant honor sa grant honte, quant il estoit au desus le roi Artu et il li ala merci crier...Textual data and satellite images[Roche et al. SI'2014] 

•

  1..* , A_SF> or <(spatial relation) 1..* , R_SF> Five spatial relation types are considered: orientation, distance, adjacency, inclusion, and geometric which defines union or intersection linking two SFs. How to match documents? • (a) Extraction of features: spatial features (SF) Methods [Kergosien et al., IJGIS'2014] -Symbolic approach: Using rules (Text2Geo) for extracting A_SF and R_SF -Statistic approach: Using context and IR methods for spatial features disambiguation How to match documents? • (c) Similarity Global_Sim(vect1, vect2) = α.cosT(vect1, vect2) + (1-α).cosS(vect1, vect2) with α ∈ [0,1] cosT: cosine based on thematic features (BioTex) cosS: cosine based on spatial features Perspective: adding temporal information Part 3 Applications in agricultural domain Animal disease surveillance In collaboration with CMAEE lab (Control of exotic and emerging animal diseases) Why the need of Epidemic Intelligence? (1/3) More than 60% of the initial outbreak reports come from unofficial informal and heterogeneous sources, including sources other than the electronic media, which require verification [Arsevska et al. ISVEE'2015] Identify signals of new and exotic animal diseases Verify and analyse Be aware and take precaution measures Why the need of Epidemic Intelligence? (3/3) How to detect disease outbreak on the Web? • Four animal disease models: African swine fever (ASF), Foot-and-mouth disease (FMD), Bluetongue (BTV), and Schmallenberg virus (SBV) • First model to study: ASF Methodology -step 1 Step 1: Data acquisition • II. Querying the Web: (b) Terminology ranking Methodology -step 3 Methodology -step 3 • II. Querying the Web: (b) Terminology ranking -BioTex Ranking [Lossio Ventura et al. IRJ'2016]: -A new ranking function to take into account the heterogeneity of the sources (S i ) [Arsevska et al. CEA'2016]: Methodology -step 3 • II. Querying the Web: (c) Terminology validation List of extracted terms identified to characterize Bluetongue virus (BTV) emergence. In bold are the terms proposed to experts for evaluation 38 M. Roche -Keynote Speaker -MISC'2016, Constantine, Algeria Methodology -step 3 • II. Querying the Web: (d) Association of terms € D AND web = 2 × hit(h AND cs) hit(h) + hit(cs) [Roche and Prince Informatica'2010 ; Arsevska et al. IJAEIS'2016] Conclusions and future work

  

  

  

  

  

  

  

  

  

  

  

  

  

  

  

  

  

  

  

  

  

  

  

  

  

  

• II. Querying the Web: (a) Terminology extraction

Delphi method is to reach group consensus with experts (5 to 7 experts for each disease) when knowledge is not sufficient for a given scientific question.

Sentiment analysis

Methods in order to identify sentiments: Towards a sentiment lexicon

Step 1: choice of seeds related to opinions 

Construction of 14 corpora related to a specific domain

Step 2: PoS, Association rules, choice of a window

Sentiment analysis

Step 3: Statistic selection and web mining.

Statistic measures that consist of measuring the association between seed adjectives and candidate adjectives association based on "hits" from the web (i.e. search engine) and contextual information 

Conclusions

New challenges of Big Data:

-Matching different types of documents (image/text, video/text, and so forth)

-Integration of visual analytics skills [Fadloun, Inforsid'2016]